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Establishment of pathological data set and quality control of labeling for solid tumor: expert opinion 2019

Preparatory Group for Expert Consensus on Establishment of Pathological Data Set and Quality Control of Labeling for Solid Tumor

[Abstract] Pathological diagnosis is the gold standard of tumor diagnosis and the cornerstone of clinical treatment.
Artificial intelligence (Al) has made significant progress in detecting tumor tissues and tumor cells, which contributes to
accurately, efficiently and quantitatively identifying tumor cells and/or tumor characteristics, leading to improved efficiency of
pathologists and making up for the shortage of pathologists. The premise of pathological Al is efficient and accurate labeling,
which is to outline the tumor cells of various types and different degrees of differentiation. To promote the standardization
and data quality control of labeling, experts of oncology, pathology, electronic information science and other fields jointly
discussed the pathological data set construction and data quality control for solid tumor, and thus an expert group was formed
for a future expert consensus. Our group is dedicated to the construction of the Al-based standardized pathological data set
for solid tumor. This paper introduces the primary opinions reached by our group in the process of tumor cell labeling from

multiple aspects, including specimen source, labeling team, labeling rules, labeling process, quality control, and solutions for

difficult cases.
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Fig1 Representative lymph node sections of gastric
cancer from different geographical sources
A: The picture is from an upper first-class hospital in Shanghai
(Changhai Hospital, Naval Medical University [Second
Military Medical University]), which is provided by CHEN
Ying; B: The picture is from an upper second-class hospital in
Jiangsu Province, which is provided by a cooperative unit of

YU Guan-zhen. H-E staining. Original magnification: X40
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Fig2 Annotated lymph node metastases of gastric cancer

The pictures come from the YU Guan-zhen Research Group. A: The outline of lymph nodes is delineated with red lines; B, C:

Germinal centers (B) and lymphoid sinus tissues (C) are delineated with blue lines, which are easily confused with tumor cells; D:

Tumor tissues are highlighted with yellow lines; E: The entire metastatic lymph nodes are completely labeled; F: By learning the

normal tissues and tumor tissues in lymph nodes, artificial intelligence can identify both the contour of lymph nodes and the tumor

tissues in the contour, and finally obtain the accurate metastatic area (88.255 7%). H-E staining. Original magnification: X 40

(A, E, F), X 100 (B-D)
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