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Laboratory medicine for diagnosis and treatment of suboptimal health: the prospect

JING Jie, WU Cong, LIU Shan-rong’
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Shanghai 200433, China

[Abstract] Increasingly more people are in a state between health and disease due to different life styles, which modern
medicine calls “suboptimal health”. If the suboptimal health state lasts too long and not interfered in time, it will eventually
progress to disease. Early identification of suboptimal health status and early intervention are important for preventing diseases
and restoring a healthy state. There are many ways for detecting suboptimal health. A more objective method to diagnose
suboptimal health status is by experimental indicators of laboratory medicine. However, there are difficulties in establishing
the parameters and reference value ranges in laboratory detection of suboptimal health, and laboratory medicine needs to
combine big data analysis and machine learning to make a scientific evaluation of suboptimal health status.
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